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ABSTRACT 
In 1884, Sir Francis Galton firstly came up with the idea that 

personality could be broken into different sub-features (PE and 

ST,). As time goes on, this idea got to be adapted and more 

completed. Then the theory of 5 Big Personality traits came out. 

5 big personality traits suggest that human’s personality can be 

described by five primary factors: extroversion, 

conscientiousness, agreeableness, neuroticism, and openness. 

Extroversion indicates how outgoing a person is. 

Conscientiousness describes how organized and efficient the 

person could be. Agreeableness represents the tendency of being 

cooperative versus suspicious of a person. Neuroticism 

describes the level of how sensitive a person is. And Openness 

reflects the extent of Curiosity and Creativity a person would 

have. Each of the five factors represents a unique aspect of 

human personality.  
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1. INTRODUCTION 
Personality is a fascinating topic among all time. Personality is a 

combination of a person’s emotion, idea's , thought and even life 

credo. Personality also affects how we interact with others, 

make decisions and deal with troubles. While this being so 

important, we often have little information about personality. 

People may hardly identify themselves personality clearly.In 

spoken language analysis, an utterance is the smallest unit of 

speech. It is well known that utterances convey a great 

knowledge about the speaker. Sentiment analysis is a huge 

category under natural language processing, since text data often 

carries a huge amount of information about the person emotion. 

However, Personality identification seems to be a less common 

field than other ones. With the importance of personality 

analysis, we think it would be interesting to do text 

classification based on big five personality traits using essays 

written by corresponding persons and analyze how different 

writings or words used could affect human personality. 

 

 

 

 

 

 

 

 

 

 

 

2. OBJECTIVE AND SCOPE 
The purpose of the paper is to do document-level 

classification based on the author’s Big Five personality 

traits. Our approach can be summarized in the following 

steps:  

Step 1: Collect individual essay 

Step 2: Collect ratings on authors’ Big Five 

personality traits 

Step 3: Extract relevant features 

Step 4: Apply classification models based on 

extracted features step 

Step 5: Test model and do comparison 

 

For each document, we used three different methods for 

feature extraction: convolutional neural network, Mairesse 

features, TF-IDF. After that we applied SVM, logistic 

regression, neural network separately on these features and 

did comparison with the baseline. 

 

3. METHODOLOGY 
We reduced all letters to lowercase. All the punctuation marks 

according to the priorities should be dealt with. For Example: 

“.”,  “,”  ,“?”,  “!” are important punctuation that must be 

retained while others need to be removed. 

3.1 Sentence Splitting 
 Each essay is separated into sentences by periods, 

exclamation   marks, and question marks. 

 Each sentence is separated into tokens by space. 

3.2 Data Cleaning 
 Within each sentence, punctuation tokens were removed. 

 For numbers appeared in the writings, all are represented 

by the same token. 

 Words that are not purely comprised of alphabetical 

characters are removed. 

 Words that have length less than 2 are removed. 

3.3 Unification: Lower cases 
 

 

 

 

 

 

 



Emotion Detector Using Deep Learning 

 

Copyright © 2018. Innovative Research Publications. All Rights Reserve 257 

 

 

4. RESULT & DISCUSSION 
In order to analyze our model, we are going to compare the 

performances of different classifiers based on the test data. 

 

Table 1: Compare the performances of different classifiers 
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LR 
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LR 
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Extroversion 

55.1

3 

53.0

4 

52.4

3 53.04 53.44 

 

 

 

55.4

7 

54.0

5 56.48 57.69 

58.9

1 

58.3

0 58.70 55.06 
Conscientious

ness 

55.2

8 

52.2

2 

52.5

0 55.06 54.66 
55.8

7 

53.8

5 56.88 54.86 

Agreeableness 

55.3

5 

52.4

3 

51.8

2 54.25 53.24 
59.5

1 

54.6

6 58.10 54.66 

Neuroticism 

58.0

9 

51.8

2 

50.6

3 54.86 53.64 56.8

8 

 

58.10 

 

Openness 

59.5

7 

52.4

3 

50.8

1 52.23 52.02 

  

52.8
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54.86 

 

        

 

 

5. CONCLUSION 
In conclusion, personality detection is a fascinating field with 

lots of unknowns. With this paper, by using more features and 

different models, our model accuracy surpassed baseline 

accuracy on Extroversion, Conscientiousness, Agreeableness ad 

Neuroticism personality traits. For classifiers, logistic regression 

worked the best among all. Support Vector Machine performed 

well as well. Other methods such as two layers neural networks 

were tried but didn’t work. As for feature set, CNN trained 

features were used as base features. Based on CNN features, 

adding Mairesse features increased model accuracy slightly, and 

adding TF-IDF features increased model accuracy more 

significantly. However, more features is not always better. 

Sometimes using feature set with CNN and TF-IDF had better 

performance than CNN, TF-IDF and Mairesse feature set. 
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